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Our work : At a glance RQ-1: Variations due to IR Evaluation Metrics RQ-2: Variations due to IR Evaluation Metrics

= LMJM leads to the most instability in the relative ranks.
= Some evaluation metrics are more sensitive to rank cut-off values.

= Substantial absolute differences in the QPP outcomes.
= Lower variations with Kendall’s 7.
= | ower variances with LMJM.

= We analysed the relative stability of QPP outcomes (rank correlations) with
respect to changes in the IR models or the IR evaluation metrics.

= We emphasize that variations in QPP results (both in terms of the absolute
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. e : -2. variations due to odaels
= Lower variations across IR models than IR metrics.
- - = Lack of consistency on which combination of QPP method with IR : :
There are too many combinations! Lat ; ty olds the least vart Q = Relative ranks of QPP systems are quite stable across IR models.
evaluation context vields the ieast variance. . ST
Y = LMJM leads to more instability in the QPP outcomes.
IR Models IR Metrics + Rank Cutoffs QPP Systems

= Relative ranks of QPP systems are more stable with Kendall’s 7.
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emphasize clear specification of the experimental setup to warrant better repro-

ferent QPP methods? ducibility.
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